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The current view of empirical Bayes inference models data
and paramecters alike with two [(amilics of distributuions: one
family for data, and onc for the unknown pavamcters, with the
latter involving wither paramectric prior distributions (PEL) or
nonparametric prior diseributions (NPEBY. The (prior) diseri-
butions of the unknown parameters is assumed to be rvestricted
to a class H having just one member, while frequentist statis-
tical inference allows Ib to contain all possible prior distri-
butions. Empirical Bayes inference covers involving limited
knowledge about I, giving the statistician flexibility te de-
velop new statistical procedurces,

This paper shous credibility theory and PEB theory are
intimately related, and revievs and applies recent PEB theory
ta the credibility situation, for the normal and other familiar
distributions.

FOUNDAT IONS

Empirical Bayes involves 2 families of stochastic processes, one for the data
(distribution, likelihood) and onec for the parameters (prior, superpopulation}.

Parametric {(aea) Empirical Bayes (PEB) Paradigm: nN= {na: aeal is known
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Evaluations involve two integrals: r(a,t) = EOHO L(b, t(Y))

e.g.: Eur_e(ﬁ(y)-o)2 = Bayes risk (a) + L‘(é(y)-ax(y))z, & = Baves Estimate

Nonparametric Empirical Bayes (Robbins, k- <) if a==

1
T‘* “T * Richness of .
Bayes PEB NPEB Frequency
(1 prior) (..Restricted class I....) (all priors)



METHOD FOR FITTING NOIMMAL
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Multivariate Forecasting:
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Ranking and Selecting the Best: "Ensemble Information"

i) Toxoplasmosis Rates: City 2 worse than City 1.

ii) Was Frank O'Conoer better than Ruth and Cobb?

iii) Taxicab Example.
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B, = (k= WVX)/nS, the naive extension of the -Lnes Stein shy inking Lo tor
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