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Swiss Re’s value proposition

Teams in the Business and Analytics domain work together worldwide to provide solutions to the clients

> 200 experts in Business Development (BD), Structured Solutions
(SS) and Digital and Smart Analytics (DSA) teams

Origination and structuring along with smart analytics capabilities
to provide bespoke reinsurance solutions for both P&C and L&H

to provide client specific business solutions and services
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Today we will cover ...

1. Approaches by the Financial Analysts vs Data
Scientists when identifying drivers of company value

2. Key themes in 2019 for Asia and their emergence

3. How technology and analytics are helping to make
better data driven decisions that impact valuation of
iInsurance companies

4. Case studies on how smart analytics influence risk
management decisions including business steering and
risk strategy



Financial Analysts take on valuing a company
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How Data Scientists view a problem statement?
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Key themes for Asian life insurers in 2019

Number of discussions with clients related to InsurTech

Mortality

— single most important
protection gap

Regulatory changes
IFRS 17, CROSS, RBC

2019
Projected

Capital management

Digitization of
customer experience

Notes: 2019
(1) Market reports by Willis Towers Watson, EY and Deloitte Projected
(2) Using the count of discussions with clients on their strategies




Traditionally,
company disclosures
and market trading
multiples are used to

measure company
performance




Leveraging smart analytics for market screening

Extracting insights from financial reports and enriching lead generation ahead of the competition
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Identifying the growth potential & profitability drivers in industry

Life insurers focusing on protection business in Asia are viewed favorably by investors

Change in share of protection vs change in new business margins
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How Senior Management can better monitor its KPls

Swiss Re’s journey of monitoring and steering business KPIs from financial reporting to dynamic scorecard method

Performance Management Financial Supplement to

Plan the Plan Performance Scorecards

US GAAP Report EVM Report
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How KPIs were reported to
Management in the past

—

Performance Scorecard Dashboard

Current state of reporting

» Performance Scorecards for efficient and dynamic
reporting of KPIs

= Automated data production with improved consistency

= Market view to provide a view closer to the
organizational structure, to assign accountability and to
track performance of Swiss Re’'s markets.




With access to new
sources of data, smart
analytics are being
used to develop
solutions capturing
changing our client
needs
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DSA Case Studies

To gain deeper understanding of portfolio and drivers of
claims cost

Anomaly detection to identify fraudulent behavior in
claims

Property Risk Screener for getting insights from
unstructured data

...and other use cases delivered
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E To gain deeper understanding of portfolio and drivers of claims cost

For the last 2 years, loss ratio of a large life insurer was disappointing and only a
eneral price increase helped to stabilize it. . -

Business g P P Cost and transition predictions for

Need However, the situation needed more sensitive and data driven pricing. The goal was > 3 50'000 individuals

to gain deeper understanding of the portfolio and to identify drivers of claims cost
in order to outperform the plan for 2017 and 201 8.

Developed predictive models for: n Reinsurance L&H

Analytics * Pricing — with insight about burning cost dependency on the structure of portfolio,
Approach * Transition — to optimize premium changes with insight about price sensitivity and
resulting lapses/package downgrades

v Improved loss ratio

v Review of whole portfolio

Business

Impact In total, a 0.25% improvement in the loss ratio translates to around 1.5m USD reduction
in claims cost.




Anomaly detection to identify fraudulent behavior in claims

How can we identify fraudulent behavior from policy and claims data?

Policy and Claims data provided by clients

Portfolio data to identify the causes of the abnormal losses and establish cost
reduction solutions on a reliable basis

Potential savings & 6 million

due to identification of abnormalities
in the portfolio

Anomaly detection modeling to identify the loss patterns with respect to diseases, 4 months
doctors, hospitals and agents

. . . , . implementation
Analytics Text analytics to link doctors’ to hospitals’ names P

Approach Clustering to identify abnormal loss patterns

Visual analytics to highlight insights and communication process

The solution helped streamline costs by identifying inflated claims

The end-to-end solution, Portfolio Optimizer helps tackle various aspects of claims
process and led to $6m potential savings

Business
Impact




E Property risk screener for getting insights from unstructured data

* 4-16h to review risk assessment report

* Inaccuracies in copying into the risk tool
Business « Limited capacity of risk engineers to process
Need more cases

By applying Smart Analytics we reduced the
time to conduct a desktop risk assessment from
Business 4 hours to less then 1/2 hours. This leads to
Impact increased coverage of assessed risks and
subsequently to more accurate pricing.




... other use cases delivered




Success is guaranteed when both profiles work together

1 Subject matter knowledge

1 Flexibility

o Data driven results and
automation
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